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RESEARCH ARTICLE
Anti-bullying Policies and Disparities in Bullying:
A State-Level Analysis
Mark L. Hatzenbuehler, PhD,1 Javier E. Flores, BS,2 Joseph E. Cavanaugh, PhD,2
Angela Onwuachi-Willig, JD,3 Marizen R. Ramirez, PhD4,5
Introduction: Recent research suggests that anti-bullying laws may be effective in reducing risk of
bullying victimization among youth, but no research has determined whether these laws are also
effective in reducing disparities in bullying. The aim of this paper was to evaluate the effectiveness of
anti-bullying legislation in reducing disparities in sex- and weight-based bullying and cyberbullying
victimization.
Methods: Data on anti-bullying legislation were obtained from the U.S. Department of Education,
which commissioned a systematic review of 16 key components of state laws in 2011. States were
also categorized based on whether their legislation enumerated protected groups and, if so, which
groups were enumerated. These policy variables from 28 states were linked to individual-level data
on bullying and cyberbullying victimization from students in 9th through 12th grade participating in
the 2011 Youth Risk Behavior Surveillance System study (N¼79,577). Analyses were conducted
in 2016.
Results: There was an absence of any kind of moderating effect of anti-bullying legislation on
weight-based disparities in bullying and cyberbullying victimization. Only state laws with high
compliance to Department of Education enumeration guidelines were associated with lower sex-
based disparities in bullying victimization.
Conclusions: Anti-bullying policies were not associated with lower weight-based disparities in
bullying and cyberbullying victimization among youth, and only one form of policies (high
compliance to Department of Education enumeration guidelines) was associated with lower sex-
based disparities in bullying victimization. Results therefore suggest that anti-bullying legislation
requires further refinement to protect youth who are vulnerable to bullying victimization.
Am J Prev Med 2017;53(2):184–191. & 2017 American Journal of Preventive Medicine. Published by Elsevier Inc.
All rights reserved.
INTRODUCTION
Nationally representative surveys indicate that15%–20% of high school students report beingbullied at school.1 Certain groups of youth are at
disproportionate risk of being bullied. Overweight/obese
youth are significantly more likely than their normal-
weight peers to experience peer victimization and bully-
ing.2,3 Nearly a third of U.S. youth aged 6–19 years are
overweight or obese4; consequently, weight-based bully-
ing affects a substantial number of youth. In addition,
there are sex differences in the types of bullying that
youth experience, with girls typically reporting more
cyberbullying and more relational bullying than boys.5
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Because bullying is associated with numerous deleterious
outcomes,6 reducing group-based differences and dis-
parities in bullying is an important public health priority.
Potential approaches to reducing bullying disparities
include anti-bullying policies, schoolwide bullying inter-
ventions, and school programs targeted at vulnerable
groups (e.g., Gay–Straight Alliances). However, there is
scant evidence of the effectiveness of these approaches in
reducing disparities in bullying.7 Thus, the current study
considered the first identified approach—anti-bullying
policies—because many schools begin their anti-bullying
efforts by adopting a specific policy.
Recent research has begun to evaluate the effectiveness
of anti-bullying policies in reducing bullying among
youth. One study of more than 60,000 adolescents found
that students living in states with at least one U.S.
Department of Education (DOE)-recommended legisla-
tive component in their anti-bullying law had 24% lower
odds of reporting being bullied and 20% lower odds of
reporting being cyberbullied.8 Another study found a
slight increase in bullying immediately after Iowa’s anti-
bullying law was passed, followed by a decrease 3 years
later.9 Still, the extent to which anti-bullying laws reduce
group-based disparities in bullying is largely unknown.
This question was identified as a key research gap in the
2016 National Academy of Sciences report on bullying.7
Specific policies targeting groups at risk of bullying, as
opposed to general policies that do not enumerate the
most vulnerable populations, may be more effective at
reducing disparities in bullying. Indeed, some social
policies—when they have enumerated and communi-
cated a specific intention to address harms against the
stigmatized group—have shown promise in reducing
health disparities between stigmatized and non-
stigmatized groups.10–12 For instance, sexual orientation
disparities in psychiatric disorders are significantly lower
in states with employment nondiscrimination and hate
crime laws that include sexual orientation as protected
classes than in states without such laws.10 Applied to the
bullying context, this research suggests that enumerated
anti-bullying legislation may be effective in reducing
disparities in bullying, perhaps through providing spe-
cific protections to vulnerable youth or creating school
climates that promote diversity and inclusion.
On the other hand, whereas enumerated interventions
can improve outcomes for protected groups, broad and
undefined interventions may simultaneously exacerbate
inequalities, a phenomenon known as the inequality
paradox. For example, black/white disparities in HIV
mortality increased following the introduction of highly
active antiretroviral treatment, an effective population-
level HIV intervention, in part because those with greater
access to resources (whites) disproportionately benefited
from the treatments.13 This research suggests that general
(i.e., non-enumerated) anti-bullying policies can be
effective at a population level, while at the same time
actually widening (or at least not reducing) disparities in
bullying. These competing hypotheses were tested by
conducting the largest and most comprehensive study to
date examining whether anti-bullying legislation is asso-
ciated with lower levels of disparities in bullying related
to sex and weight.
METHODS
Data Sample
Data were obtained from the Youth Risk Behavior Surveillance
System (YRBSS), which was developed by the Centers for Disease
Control and Prevention (CDC) to monitor social issues and health
risk behaviors among teenagers in the U.S. Surveys have been
conducted every 2 years since 1991 and are based on representative
samples of 9th through 12th grade students. These analyses used
data from 28 states (N¼79,577): 25 states were obtained from the
2011 YRBSS combined data sets, and the remaining three
(Delaware, Iowa, and South Dakota) were obtained with permis-
sion from state public health departments. States were selected on
the basis of data availability, response rate (Z60%), and enactment
of the state bullying legislation on or prior to January 1, 2011
(which occurred before the anti-bullying legislation was coded,
thereby ensuring temporal ordering of the relationship between
anti-bullying legislation and bullying disparities). Additional
details of YRBSS methods may be accessed elsewhere.14 The study
was exempted by the IRB because the analyses involved de-
identified secondary data analysis.
Measures
The DOE conducted a comprehensive evaluation of state bullying
laws enacted through April 2011. Three policy variables were
examined in this study.
First, the DOE categorized bullying legislative and policy
provisions according to 11 key components and five subcompo-
nents.15 For each, a dichotomous compliance categorization was
employed to classify states as compliant if their legislation was at
least partially consistent with the DOE recommendation. The
scores for each component were summed in order to assign an
overall compliance score. Additional details can be found in
Hatzenbuehler et al.8
Second, one of the DOE components dealt with enumeration—
that is, whether the law “conveyed specific protections for
individuals with characteristics that may motivate bullying behav-
ior (e.g., disability, sexual orientation, race/ethnicity, or gender).”15
Table 1 presents states according to their compliance with DOE
guidelines for enumeration (none, partial, full). No compliance
indicates that no groups are enumerated. Partially compliant laws
“enumerate victims’ characteristics (e.g., sex, race/ethnicity, sexual
orientation, weight) but limit coverage to only those protected
classes.” Florida’s partially compliant law, for example, limited
coverage to three enumerated groups (sex, religion, and race).
Fully compliant laws “do not limit coverage under law to members
of those classes (e.g., ‘including, but not limited to’).”15
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For instance, Illinois’ law enumerates several groups but further
extends coverage to “any distinguishing characteristic.”
Lastly, because the DOE enumeration variable did not
specify which groups were enumerated, indicator variables
were created respectively for sex and weight based on whether
the state enumerated sex or physical appearance/attributes/
weight in their legislation. Table 2 displays the eight states
that enumerated any protected groups and indicates whether
the disparity groups of interest were specifically enumerated
in the legislation.
Participants were asked the following questions: During the past
12 months, (1) have you ever been bullied on school property?; and
(2) have you ever been electronically bullied? (through email, chat
rooms, instant messaging, Web sites, or texting). Prior to these
questions, a definition of bullying was provided.14 Response
options were coded dichotomously, and a student was categorized
as reporting being bullied or cyberbullied if they answered
positively (hereafter referred to as being “bullied” or “cyberbul-
lied”). Bullying data from 2011 were used because data on anti-
bullying legislation were only available for that year. Using more
recent bullying data was problematic because some laws changed
after 2011.
Group identification for weight was ascertained in two ways.
First, BMI was calculated and assigned to participants based on
their self-reported heights and weights. BMIs were dichotomized
into high BMI (Z30) and low BMI (o30) based on CDC-defined
cut points. Second, participants were asked: How do you describe
your weight? Those who perceived themselves as very overweight
were the high-risk group, whereas those who perceived themselves
as very underweight, slightly underweight, about the right weight,
and slightly overweight were the reference group. Alternative
categorization schemes (e.g., comparing underweight to all other
categories) for both measures were explored, and consistent results
were obtained (i.e., direction and magnitude of all associations
remained unchanged). Both BMI and perceived weight were
examined because they are independently associated with adverse
outcomes.16 For sex, female students were considered the high-
risk group.
Table 1. Department of Education Compliance Score and Enumeration Categorizations for Each State
Compliance to all DOE guidelines Compliance to DOE enumeration guidelines
Low Medium High None Partial Full
Alaska
Idaho
Kansas
Mississippi
Montana
Nebraska
Rhode Island
South Dakota
Wisconsin
Connecticut
Illinois
Kentucky
Louisiana
Maine
New Mexico
Oklahoma
South
Carolina
Tennessee
Virginia
Wyoming
Alabama
Delaware
Iowa
Maryland
North Carolina
New Hampshire
Vermont
West Virginia
Alaska
Connecticut
Delaware
Idaho
Kansas
Kentucky
Louisiana
Mississippi
Montana
Nebraska
New Hampshire
Oklahoma
Rhode Island
South Carolina
South Dakota
Tennessee
Virginia
Wisconsin
West Virginia
Wyoming
Alabama
Iowa
Vermont
Illinois
Maryland
Maine
North Carolina
New Mexico
Note: Compliance to all Department of Education (DOE) guidelines is measured with the Total Comprehensive Score (TCS). The TCS ranges from 0 to
16, with a median value of 11 and mean of 10. For compliance to all DOE guidelines, “Low” corresponds to states with a TCS r9, “Medium”
corresponds to those with 9o TCSr12, and “High” denotes states with TCS412. Compliance to DOE Enumeration is measured via a DOE-assigned
expansiveness score (ES). This score assumes a value of 0 (no compliance), 1 (partial compliance), or 2 (full compliance).
Table 2. Enumeration of Anti-Bullying Legislation for Sex
and Physical Appearance/Weight
States
Any
enumeration
Physical appearance
(1), physical
attributes (2), or
weight (3) Sex
Alabama ✓ ✓
Iowa ✓ ✓ (2) ✓
Illinois ✓ ✓
Maryland ✓ ✓ (2) ✓
Maine ✓ ✓ (3) ✓
North
Carolina
✓ ✓ (1) ✓
New
Mexico
✓ ✓
Vermont ✓ ✓
Note. New Hampshire and Virginia had inconsistent categorization
based on two sources (written DOE report and stopbullying.gov website).
A law student under the supervision of AOW reviewed New Hampshire
and Virginia’s laws to determine enumeration coverage.
AOW, Angela Onwuachi-Willig; DOE, Department of Education.
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The first state-level covariate was violent crime rates and was
chosen because higher rates of violent crime may reflect state-level
differences in the acceptance of violence, including bullying. The
Uniform Crime Reporting Statistics system provides estimates of
violent crime rates (murder and non-negligent manslaughter,
forcible rape, robbery, and aggravated assault) in each state in
2011 and is measured as the number of violent crimes per 100,000
inhabitants.17 The second state-level covariate was “cultural tight-
ness,” which refers to the strength of punishment and latitude/
permissiveness of individual deviance,18 and was chosen because
states with greater cultural tightness were more likely to implement
more-comprehensive anti-bullying policies. The measure of cul-
tural tightness includes nine items (e.g., legality of corporal
punishment in schools, severity of punishment for violating
laws).18 In addition to these state-level covariates, each analysis
adjusted for demographic characteristics associated with bullying
victimization, including age, race, and sex (for analyses on weight-
based disparities). These variables were identified either as con-
founding variables in a Directed Acyclic Graph19 in prior research8
or as risk factors for bullying whose addition explained variability
in the outcome and improved model fit.
Statistical Analysis
First, multivariable logistic regression was used to investigate
disparities in bullying and cyberbullying by sex, BMI, and
perceived weight. To compare the odds of being bullied and
cyberbullied by sex, BMI, and perceived weight, AORs and their
corresponding 95% CIs were obtained. For example, an OR of 1
comparing male and female students would suggest that there are
no bullying disparities by sex. All ORs were adjusted for the state-
and individual-level covariates described above.
Second, to test whether living in a state with high compliance to
DOE guidelines was associated with lower bullying disparities,
models were constructed with interactions between the DOE
compliance scores and at-risk groups (i.e., compliance score X
sex, compliance score X BMI, compliance score X perceived
weight). For these models, AORs for bullying and cyberbullying
comparing groups (sex, BMI, and perceived weight categories)
were estimated across three levels of the anti-bullying legislation
compliance variable: low, medium, and high. These three groups
were determined using univariate statistics to obtain the tertiles of
the overall compliance scores.
Evidence for effect measure modification would indicate that the
sex- or weight-based disparity in being bullied or cyberbullied was
lower in states whose anti-bullying legislation was more compliant
with DOE recommendations. For instance, if there was evidence
for moderation, the AOR for the relationship between sex and
being bullied should be the furthest from one in the low
compliance category and the closest to one in the high compliance
category. To test this empirically, the authors estimated the
changes in ORs among the three levels by calculating ratios of
ORs (RORs), which characterize the change in ORs from one
categorization level to another. In comparing states with high
versus low compliance, an RORo1 would indicate that improved
compliance is associated with a lower disparity (measured by the
OR), an ROR¼1 suggests no improvement in the disparity, and
ROR41 suggests that the disparity is higher. A failure of the ROR
to meet significance indicates that changes in DOE compliance
score have no statistically significant effect on the odds of being
bullied or cyberbullied. Statistical significance of the RORs (and
AORs) was determined via Wald tests.
Third, to examine whether sex- or weight-based disparities in
bullying victimization were lower in states that enumerated
specific groups, the same procedures were employed. Multivariable
logistic models with interactions were constructed to determine
whether enumeration of specific groups (enumerated versus not
enumerated) by the state anti-bullying laws (Table 2) was
associated with sex or weight disparities. The RORs were also
examined to assess the protective effects of enumeration.
All models accounted for the hierarchically nested nature of the
data by accommodating clustering at the levels of primary
sampling unit and state. Sensitivity analyses were conducted with
alternative approaches for handling clustered data (i.e., generalized
estimating equations and likelihood-based methods for general-
ized linear mixed models), and the direction and magnitude of the
results remained unchanged. Data were weighted according to the
weights provided by the YRBSS data set. Analyses were conducted
using the SURVEYLOGISTIC procedure in SAS, version 9.4.
Analyses were conducted in 2016.
RESULTS
Evidence of bullying/cyberbullying disparities is provided
in Table 3. Girls (AOR¼1.27, 95% CI¼1.20, 1.35), youth
with BMI Z30 (AOR¼1.44, 95% CI¼1.27, 1.64), and
youth who perceived they were overweight (AOR¼2.25,
95% CI¼1.89, 2.66) all had significantly greater odds of
being bullied at school compared with boys, youth with
BMI o30, and youth who perceived themselves as not
Table 3. Sex- and Weight-based Disparities in Bullying and Cyberbullying: YRBS (2011)
Disparity group
AOR (95% CI)
Bullying Cyberbullying
Sex
Females vs. males 1.27 (1.20 to 1.35) 2.34 (2.20 to 2.50)
BMI
BMI Z30 vs BMI o30 1.44 (1.27 to 1.64) 1.11 (0.97 to 1.27)
Self-perceived weight
Very overweight versus not 2.25 (1.89 to 2.66) 1.79 (1.49 to 2.14)
YRBS, Youth Risk Behavior Surveillance.
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Table 4. Relationship Between Anti-bullying Legislation and Sex- and Weight-based Bullying: YRBS (2011)
Legislation variable Bullying: AOR (95% CI) Bullying: ROR (95% CI)
Comprehensive score Low Medium High Medium/Low High/Low High/Medium
Sexa 1.22 (1.13 to 1.30) 1.29 (1.18 to 1.41) 1.28 (1.15 to 1.44) 1.06 (0.95 to 1.19) 1.06 (0.92 to 1.21) 1.00 (0.86 to 1.15)
BMIb 1.32 (1.04 to 1.67) 1.50 (1.23 to 1.84) 1.42 (1.24 to 1.63) 1.14 (0.84 to 1.55) 1.08 (0.82 to 1.42) 0.95 (0.75 to 1.20)
Self-perceived weightc 1.79 (1.42 to 2.25) 2.48 (2.00 to 3.09) 2.07 (1.52 to 2.80) 1.39 (1.02 to 1.89) 1.16 (0.79 to 1.69) 0.83 (0.57 to 1.20)
Compliance with DOE enumerationd None Partial Full Partial/None Full/None Full/Partial
Sex 1.31 (1.21 to 1.41) 1.43 (1.24 to 1.65) 1.18 (1.05 to 1.32) 1.10 (0.93 to 1.29) 0.90 (0.79 to 1.04) 0.82 (0.68 to 0.99)
BMI 1.33 (1.14 to 1.55) 1.38 (0.94 to 2.04) 1.71 (1.41 to 2.08) 1.04 (0.69 to 1.58) 1.29 (1.01 to 1.65) 1.24 (0.80 to 1.90)
Self-perceived weight 2.06 (1.83 to 2.32) 1.90 (1.06 to 3.40) 2.86 (2.00 to 4.10) 0.92 (0.51 to 1.67) 1.39 (0.96 to 2.02) 1.51 (0.76 to 2.97)
Specific enumeration Enumerated Not enumerated Enumerated/Not
Sex 1.22 (1.11 to 1.34) 1.31 (1.21 to 1.41) 0.94 (0.83 to 1.06)
BMI 1.40 (1.17 to 1.66) 1.45 (1.25 to 1.69) 0.96 (0.77 to 1.20)
Self-perceived weight 2.19 (1.56 to 3.08) 2.26 (1.86 to 2.75) 0.97 (0.66 to 1.43)
Cyberbullying: AOR (95% CI) Cyberbullying: ROR (95% CI)
Comprehensive score Low Medium High Medium/Low High/Low High/Medium
Sex 2.08 (1.95 to 2.23) 2.47 (2.23 to 2.73) 2.31 (2.05 to 2.60) 1.18 (1.05 to 1.34) 1.11 (0.97 to 1.27) 0.94 (0.80 to 1.10)
BMI 1.13 (0.88 to 1.43) 1.15 (0.93 to 1.41) 1.02 (0.86 to 1.22) 1.02 (0.75 to 1.39) 0.91 (0.68 to 1.22) 0.89 (0.69 to 1.16)
Self-perceived weight 1.84 (1.39 to 2.42) 1.82 (1.38 to 2.41) 1.70 (1.35 to 2.14) 0.99 (0.67 to 1.47) 0.93 (0.64 to 1.33) 0.93 (0.65 to 1.34)
Compliance with DOE enumeration None Partial Full Partial/None Full/None Full/Partial
Sex 2.35 (2.14 to 2.57) 2.63 (2.36 to 2.93) 2.26 (2.03 to 2.52) 1.12 (0.97 to 1.29) 0.96 (0.84 to 1.11) 0.86 (0.74 to 1.00)
BMI 1.10 (0.91 to 1.32) 1.10 (0.96 to 1.26) 1.14 (0.90 to 1.43) 1.00 (0.8 to 1.25) 1.03 (0.77 to 1.38) 1.03 (0.79 to 1.35)
Self-perceived weight 1.73 (1.34 to 2.24) 1.82 (1.24 to 2.67) 1.91 (1.47 to 2.49) 1.05 (0.66 to 1.68) 1.11 (0.77 to 1.58) 1.05 (0.66 to 1.67)
Specific enumeration Enumerated Not enumerated Enumerated/Not
Sex 2.33 (2.14 to 2.54) 2.35 (2.14 to 2.57) 0.99 (0.88 to 1.13)
BMI 1.00 (0.77 to 1.28) 1.14 (0.98 to 1.33) 0.88 (0.65 to 1.17)
Self-perceived weight 1.73 (1.36 to 2.20) 1.80 (1.45 to 2.23) 0.96 (0.70 to 1.32)
Note: Multivariable models adjusted for cultural tightness, violent crime rate, age, race, and sex (sex was omitted as a variable when sex was the disparity of interest). Boldface indicates statistical
significance (po0.05). Delaware does not ask about cyberbullying and is treated as missing in all cyberbullying analyses (N[states]¼27, N[students]¼75,351). Vermont observations are missing for all
bullying at school analyses because Vermont does not ask this question (N[states]¼27, N[students]¼68,964). Additionally Maine, New Hampshire, New Mexico, and Wisconsin do not have questions on
weight perception and are treated as missing in analyses involving self-perceived weight. For all bullying analyses involving self-perceived weight, a total of 23 states are used, resulting in 48,205
observations. For the equivalent analyses in cyberbullying, 23 states were used, resulting in 54,408 observations. All 28 states reported student BMI and sex.
aFemales vs males.
bBMI Z30 vs BMIo30.
cVery Overweight vs Not.
dCompliance with Department of Education (DOE) enumeration refers to the extent to which states followed DOE guidelines: None¼no enumerated groups, Partial¼enumerated groups (e.g., sex, race/
ethnicity) with limited coverage to those groups, Full¼enumerated groups with coverage not limited to those groups.
ROR, ratio of AORs; YRBS, Youth Risk Behavior Surveillance.
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significantly overweight, respectively. Similar disparities
were also observed for cyberbullying (Table 3).
Table 4 reports the AORs for bullying and cyberbully-
ing comparing sex, BMI, and perceived weight by levels
of compliance to DOE guidelines for three specific
categories: overall compliance to all DOE components,
compliance to DOE enumeration of groups, and enu-
meration of specific groups. Bullying disparities by sex
(ROR¼1.06, 95% CI¼0.92, 1.21), BMI (ROR¼1.08, 95%
CI¼0.82, 1.42), and perceived weight (ROR¼1.16, 95%
CI¼0.79, 1.69) were not significantly different in states
with low versus high compliance to all DOE components.
Cyberbullying disparities did not improve with increased
compliance to DOE guidelines.
Increased compliance specifically to DOE enumera-
tion guidelines was also not associated with lower BMI or
perceived weight disparities. However, sex disparities in
bullying were significantly lower in states with high
compliance to enumeration guidelines (full versus partial
compliance: ROR¼0.82, 95% CI¼0.68, 0.99).
Finally, specific enumeration of sex or physical
appearance/attributes/weight in anti-bullying laws was
not associated with lower levels of weight- or sex-based
disparities in bullying or cyberbullying.
DISCUSSION
Epidemiologic evidence has consistently shown that
certain groups of youth are at disproportionate risk of
being bullied by their peers.2,20,21 Emerging research
suggests that anti-bullying legislation may be one struc-
tural lever for reducing rates of bullying.8,9 However, this
research has not yet documented whether anti-bullying
legislation is effective at addressing disparities in bullying
outcomes, a topic that was specifically identified as an
important direction for future research in the recent
National Academy of Sciences report on bullying.7 The
current study begins to address this gap in the literature.
This study, which used data from a comprehensive
content analysis of state anti-bullying legislation linked
to a data set of 79,577 youth, examined the relationship
between several aspects of anti-bullying legislation—
including overall comprehensiveness and enumeration
of specific groups—and bullying disparities related to
weight and sex.
Neither comprehensiveness nor enumeration of spe-
cific groups was associated with lower weight-based
disparities in bullying and cyberbullying (and in two
cases, more-comprehensive policies and greater compli-
ance with DOE enumeration were associated with sig-
nificantly wider weight-based disparities in bullying).
The lack of specificity with respect to weight in the law
may explain these findings; indeed, only one state
specifically enumerated weight (versus physical appear-
ance/attributes). Given that physical appearance/attrib-
utes include characteristics other than weight, this broad
category in policies may be insufficient to address weight-
based bullying, a hypothesis requiring further testing.
Modest evidence suggests that high compliance with
DOE enumeration guidelines was associated with lower sex
differences in bullying. However, more-comprehensive laws
were associated with higher sex disparities in cyberbullying,
and specific enumeration of sex was not associated with
lower sex differences in bullying and cyberbullying. These
mixed findings suggest that laws still need to be strength-
ened with guidelines specific to non-dominant, targeted
groups. This idea is consistent with the literature on legal
critiques of race- and sex-“blind” approaches,22,23 which
tend to reinforce the status quo or widen current disparities,
because they are designed around the experiences of the
dominant group (e.g., men) and therefore neglect to address
the unique ways in which the non-dominant group (e.g.,
women) are affected by some prohibited behavior.
Together, these data suggest that anti-bullying legis-
lation needs to be enhanced to reduce the large disparities
in bullying. Identifying new components of anti-bullying
laws that can be added to existing legislation is partic-
ularly needed. Fortunately, the literature already provides
some potential areas for improvement. Specifically,
stigma and prejudice are common underlying factors
across most groups at disproportionate risk of bullying,7
yet none of the 16 key components of the DOE frame-
work (with the exception of enumerated groups) focuses
on these underlying motivations for bullying. It may be,
for instance, that anti-bullying policies should require
interventions that explicitly address bias-based bully-
ing,24 but this awaits empirical testing. Additional
research is also needed to identify the factors that render
the enumeration of groups more or less effective in
reducing bullying disparities. For instance, in states
whose laws enumerate protected groups, how is the
school climate related to tolerance and diversity modified
or enhanced to reduce disparities in bullying?
Limitations
This study has several limitations. First, these data are cross-
sectional. Consequently, it is not possible to establish causal
relationships between anti-bullying policies and disparities
in bullying. Longitudinal research is necessary to examine
whether disparities in bullying are reduced following the
implementation of comprehensive anti-bullying policies
that include enumerations. Second, YRBSS includes a
measure of sex but not of gender expression or identity;
thus, it is unknown whether similar results would be
observed for gender-nonconforming students. Third, these
results are generalizable only to the 28 states that were
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included in the study and to high school students. Future
research is needed to expand to all U.S. states and to middle
school youth. Fourth, the policy data were coded in 2011.
Because anti-bullying legislation has changed since then,
future studies should examine whether the results hold with
current legislation. Finally, this study used one anti-bullying
framework for coding legislation (DOE); the extent to
which these results are generalizable to other frameworks,
such as the anti-bullying public health framework,25
remains to be determined.
Strengths of the study include the use of a large,
geographically diverse, population-based sample of
youth. The categorization of state policies was completed
through expert consensus by the DOE. This methodo-
logic approach overcomes same-source bias,26 which can
introduce spurious results when the exposure and out-
come variables are measured via the same method.
Because the policy measures were linked to individual-
level measures of bullying and cyberbullying, the study
should not be subject to the ecologic fallacy, which can
occur when inferences about the effect of ecologic
influences rely on aggregated reports of the outcome.27
CONCLUSIONS
Though some policies hold promise in addressing social
inequalities, existing research has rarely determined the
extent to which anti-bullying legislation is effective in
ameliorating disparities in bullying. The present study
provides initial evidence that current legislation does not
reduce weight-based disparities, and is only minimally
effective in reducing sex-based disparities, in bullying
and cyberbullying among high school students in the U.S.
This research suggests that existing policies need to be
augmented to protect youth who are most vulnerable to
bullying. Such efforts will require sustained collabora-
tions among social scientists, public health professionals,
school personnel, parents, and policymakers to initiate
ongoing evaluation efforts needed to create evidence-
based policies capable of eliminating disparities in
bullying.
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